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Calculation of frequencies1.1



1.1 Calculation of frequencies

Which information can be generated by a user?

For the example of frequencies of visits the following information could be relevant:

Á What was the number of the visit at a date (e.g. of the first order)?

Á How many visits did a user make in total?

Á How many visits did a user make in the analysis time period?

1st visit

02-13

2nd visit

02-14

3rd visit

02-15



1.1 Calculation of frequencies

Besides the regular metric customerand customerprofileviews are differentiated:

ÁCustomer: The valuea userhadat a specificdate.

ÁCustomer Profile: Focusseson the currentstatusof the users(until hislast visit). Fordoingso, the last visit

doesnot necessarilyhaveto bewithin the analysistime period.

Á[Regular]: Howoften did the valueoccurin the analysistime period?

ExampleΥ α/ǳǎǘƻƳŜǊ ±ƛǎƛǘǎά ǾǎΦ α/ǳǎǘƻƳŜǊ tǊƻŦƛƭŜ ±ƛǎƛǘǎά ǾǎΦ α±ƛǎƛǘǎά

1st visit

02-13

2nd visit

02-14

3rd visit

02-15



i

1.1 Calculation of frequencies

ÁEven though the last visit was not made within the analysis time period, „Customer Profile“ shows the value of

the last visit.

Customer profileviewsarenot suitablefor a time-basedanalysis.

Example:

1st visit

02-13

2nd visit

02-14

3rd visit

02-15
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Calculation of intervals1.2



i

Webtrekk calculates intervals of visits and orders.

Calculation of visit intervals

Á For each visit the amount of days that passed since the previous visit is calculated.

Á The days are calculated based on the date, the time is not taken into account.

Á The first visit is not considered for calculation.

ByusingcohortsWebtrekkprovidesthe possibilityto analyzedays/weeks/monthssincethe first visits(e.g. „Cohorts(LifespanWeeks)“).

1.2 Calculation of intervals

Visit

02-01

Visit

02-02

Visit

02-04
BA

B

A



1.2 Calculation of intervals

Á By using the filter engine the analysis can be limited to specific events/visits.

Example: Calculationdaysbetweencontactswith filtering

Howmanydaysprior to the last orderusersaccessedthe website?

Visit

02-01

Visit

02-02

Visit

02-05

Visit

02-06€

Howmanydaysprior to the last visitusersaccessedthe website?



1.2 Calculation of intervals

Á Calculation of order intervals

Á Foreachorder the the amountof daysthat passedsincethe previousorder iscalculated.

Á The daysarecalculatedbasedon the date, the time isnot takeninto account.

Á Forthe first orderthe amountof dayspassedsincethe first visit isdepicted.

Visit

02-01

Visit

02-02

Visit

02-05
BA

B

A

€ €
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Overview on dimensions and metrics1.3



Available as 

Metric/value Designation Description Metric Dimension

Page 
impressions 

URM – Customer Page Impressions 
Total page impressions to date in 
intervals of ten

URM – Customer Profile Page Impressions 
Total page impressions
(Dimension: intervals of ten)

Visits 
URM – Customer Visits Total visits to date 

URM – Customer Profile Visits Total visits 

Days 

URM – Days since Contact Days since a visit 

URM – Customer Profile Days since Last 
Contact 

Days since the last visit to date 

URM – Customer Profile Days since First 
Contact 

Days since the first visit to date 

URM – Customer Profile Visit Frequency 
Avg. (Days) 

Avg number of days between visits 

URM – Days between contacts Number of days between visits 

URM – Days between contacts Avg. Avg number of days between visits

Yes | No URM – Last Visit 
Shows whether something 
occurred within a visitor’s last visit

1.3 Overview dimensions and metrics

The following dimensions and metrics are calculated automatically:

ÁTraffic view



1.3 Overview dimensions and metrics

ÁOrder view (1/2)

Available as 

Metric/value Designation Description Metric Dimension

Orders

URM – Customer Orders Total orders to date

URM – Customer Profile Orders Total orders

URM – Customer Orders w. Discounts
Total number of discounted orders 
to date in intervals of ten

URM – Customer Profile Orders w. Discount
Total number of discounted orders 
(Dimension: intervals of ten)

Order value

URM – Customer Order Value Total order value to date

URM – Customer Profile Order Value
Total order value
(Dimension: intervals of ten)

URM – Customer Profile Order Value Avg Avg total order value

Discount value

URM – Customer Discount Value Total discount value to date

URM – Customer Profile Discount Value
Total discount value
(Dimension: intervals of ten)

Discount rate 
%

URM – Customer Profile Discounts %
Percentage of discounted orders 
out of total orders



1.3 Overview dimensions and metrics

ÁOrder view (2/2)

Available as 

Metric/value Designation Description Metric Dimension

Customer 
Lifetime Value

URM – Campaign New Visitor CLV
Total order value to date for new 
visitor with campaign click

Days

URM – Days since Order
Days since the previous order (or 
first visit in case of the first order)

URM – Customer Profile Days since Last 
Order

Days since the last order

URM – Days between orders Days between two orders

URM – Days between orders Avg.

Yes | No

URM – Last Visit with a Purchase
Shows whether an order was 
placed during the last visit

URM – Customer Profile Last Customer 
Micro Journey

Allows to restrict on the last cycle 
of the Customer Micro Status 
stretching across multiple visits.



Example for using the metric „URM – Customer Profile Visits“:

Allowsthe analysisof the question: „Howmanyvisitsdid usersmakein their lifetime, whentheyhadat least oneaccessvia the
channel‚‘Direct‘?“

1.3 Overview dimensions and metrics

Why is much information available as dimension, even though figures are depicted?

ÁFor lots of user-centric data it can be helpful to use it as dimensions, even though figures are depicted. Only by

doing so further metrics and formulars can be viewed in this context.

Example for using the dimension „URM – Customer Profile Visits“: 

Allowsthe analysisof the question: „Howmanyusersdid makeonly1 visitin total?“
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Use cases1.4



i

Howmanydayspass betweenvisits?

The first visit isnot takeninto accountfor calculation.

1.4 Use cases

←}→

Reading example:
Visits: For1,649 visitsthe last accesshappened4 daysbefore.
Visit%: For3.16 % of all visitsthe last accesshappened4 daysbefore.

Analysis:Individual Analysis



1.4 Use cases

Howmanydayspass betweenvisits, dependingon the numberof visits?

…

←}→

Analysis:Individual Analysis

Reading example:
Visitors: 1,360 usersmadetheir secondvisitonedayafter their first visit. 
Visits %: 15.74 % of all userswith a secondvisitmadeit onedayafter their first visit.



i

Howmanydayspass betweenorders?

Forthe first orderthe daysthat passedsincethe first visitaredepicted.

1.4 Use cases

←}→

Analysis:Individual Analysis

Reading example:
QtyOrders: For1,578 ordersthe last orderwas made2 daysbefore.



1.4 Use cases

Howmanydayspass betweenorders, whenuserspurchasedat least twice?

←}→

Analysis:Individual Analysis

Reading example:
Visitors: 138 visitorsmadetheir secondorderon the same dayastheir first order.



1.4 Use cases

Howmanyusershadmorethan 10 visitsin the analysistime periodandgeneratedmorethan 100 Page 

Impressionsuntil this point in their lifetime? (1/2)

←}→

Analysis:Individual Analysis

Reading example:
Visitors: 79,651 visitorsaccessedthe websitein March.

Visitors> 10 visitsand
> 100 PI in lifetime*: 1,317 visitorsaccessedthe websitein March, hadmorethan 10 visitsin their lifetime anduntil then generated

morethan100 Page Impressions.



1.4 Use cases

Howmanyusershadmorethan 10 visitsin the analysistime periodandgeneratedmorethan 100 Page 

Impressionsuntil this point in their lifetime? (2/2)

Usedfilters:

←}→



1.4 Use cases

What revenuewas generatedin long-term via newvisitorsper campaignchannel? (1/2)

Analysis:Marketing > Campaign Categories > [Name of the campaign channel]

←}→

Reading example:
URM –Campaign New VisitorCLV: 18,057.10 € ordervaluewas generatedby the newvisitorstrackedin the analysistime periodvia 

the channel„Display“ up to the currentdate.
Order Value: 5.364,10 € ordervaluewas assignedto the channel„Display“ accordingto the defaultattribution

model.



1.4 Use cases

What revenuewas generatedin long-term via newvisitorsper campaignchannel? (2/2)

←}→

Example: Visitorwith campaignchannelsanddefaultattribution last-campaign-wins

Display

02-01

SEA

02-02

Direct

02-05

Direct

02-06
200 €100 €



1.4 Use cases

Howmanyvisitsaremadelong-term bynewvisitorsvia campaignchannels?

Á „Further lifetime visits per visitor“ is a custom formula. It is configured as follows:

…

←}→

Analysis:Marketing > Campaign Categories > [Name of the campaign channel]

Reading example:
Visits: The channel„SEO“ was usedin 34,059 timesbynewvisitorsin the analysistime period.
URM –Customer Profile Visits: New visitorsgenerated88,605 visitsup to the currentdate. 
Further lifetimevisitsper visitor*: On average1.7 further visitsweregeneratedbynewvisitorsup to the currentdate.
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General2.1



2.1 General

The RFM and RFE models are a proven scoring system, that can be used for the evaluation of a visitor.

Á The models focus on the visitor’s behavior in different contexts.

}

RFM Evaluates the purchase behaviorEvaluates the usage behaviorRFE

Recency
Howmanydayspassedsincethe last 
order?

Frequency
Howmanyordersweremadein total?

Monetary
Whattotal revenuewas generated?

Recency
Howmanydayspassedsincethe last 
visit?

Frequency
Howmanyvisitsweremadein total?

Engagement
HowmanyPage Impressionswere
generatedin total?



2.1 General

Á 3 values are assigned for each of these 3 measurement criteria: 1 (bad), 2 (medium) or 3 (good).

Á The underlying setup can be configured individually.

}

Evaluates the usage behaviorRFE

Recency = 3
Howmanydayspassedsincethe last 
visit?

Frequency = 1
Howmanyvisitsweremadein total?

Engagement = 3
HowmanyPage Impressionswere
generatedin total?

313



ÁTherefore, 3³(=27) combinations
are available in each model.

2.1 General

}

111 112 113

211 212 213

R

311 312 313

121 122 123

221 222 223

321 322 323

131 132 133

231 232 233

331 332 333

F M

Example: Possiblecombinationsin the RFM model

FR M FR M



The clustering allows to take targeted measures for selected user groups.

2.1 General

}

333

331
332

323

312

111

112

121

213

223233

232

212

211

Advertize.

Provide additional purchase
incentives.

Seize upsell chances.

No Google Adwords
or Facebook ads.

Use cross sell chances.

133



ÁThe same visitor can belong to a RFM as well as a RFE group.

ÁThe RFM model solely focuses on the buyer, the RFE model focuses on all visitors.

2.1 General

}

±

7 7 7 77

RFM

RFE

±

RFM

RFE
Online-

Shop
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Setup2.2



i

In the setup you configure the model’s threshold values.

Changesin the setupaffectall trackedusers. Thus, youstayflexible and canapproachyourperfectsetupin smallsteps.

}

Webtrekk Q3 > Configuration> System Configuration> Account

2.2 Setup



i

The spread of the RFE groups can be viewed in the following analysis:

ÁThis analysis calculates the assignment to the model based on the calendar time period.

ÁAlternatively, the user’s current status can be determined. For doing so, the dimensions “URM - Customer 

Profile RFE Group” or “URM - Customer Profile RFM Group” can be used.

Pleasenote, that youchoosea meaningfultime periodin the analysis. If you, for example, choose„Today“ ascalendartime period, all users
will havea Recencyof„3“.

}

Analysis path: Visitors > URM - User Relationship Management > URM - Customer RFE Group

Reading example: 
21,082 visitsweremadebyvisitors, that belongedto

the RFE group211 in the analysistime period.

2.2 Setup



}

Example for the assignment of a user to the „URM - Customer Profile RFM Group“:

2 orders 1 order

Value: 439 €Order value

Qtyorders

Time of the visit

Value: 649 €

2014-01-05 2014-04-26 2014-04-30

2014-05-17

2014-08-05

Date of analysis Recency Frequency Monetary Group

Lessthan30 days Between3 and 10 orders More than1,000 €3 2 3

Morethan90 days Between3 and 10 orders More than1,000 €1 2 3

Configuration:

Accessesof a user:

Analysis:

2.2 Setup



2.2 Setup

The challenge of the configuration is to find the “right” model.
The setup can vary heavily depending on the industry sector.

ÁOur Webtrekk consultants gladly assist you with finding an individually matching setup!

Á The RFE/RFM dashboard (Webtrekk Q3 > My Reports > Predefined Reports) can be used for configuring the threshold 

values.

}



2.2.1 Example setup based on the Pareto principle

By using the Pareto principle visitors can be differentiated: Only the best 20 % of all visitors are 
business relevant.

ÁBecause Webtrekk works with 3 groups, the pareto principle has to be applied twice. Either the group of„bad“ or

„good“ users can be split up again.

ÁThe following example shows segmentation of users by the number of overall visits to determine the frequency

in the RFE model.

Group 1 = 80 %

Group 2 = 20 %

1. Segmentation of all users
Segment 2 corresponds to all business relevant users.

Group 3 = 4 %

Group 2 = 16 %

No. of
visits

Share of visitors Share of visitors

No. of
visits

}

2. Segmentation of all business relevant users.
Segment 2b corresponds to best users.

Group 1 = 80 %



2.2.1 Example setup based on the Pareto principle

Webtrekk can be configured for the example as follows:

1. In the predefined report „Recency, Frequency and Engagement“ in Webtrekk Q3 click on the arrow symbol near

„Frequency, Customer Visits“ to open the corresponding analysis.

2. The values can be determined using the metric „Visitors cumulated %“. Read out the values at 80 % and 96 % 

and insert them into the configuration mask.
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Predefined Segments2.3



i Segments usethe profileview. Thus, onlythe currentstatusof the useris takeninto account.

Based on the RFM/RFE model segments are set up, that depict important user groups.

Example: Configurationof the segmentαCƭƻǇ Buyersά

Á In Webtrekk Analytics reports, analyses or specific metrics can be filtered by segments.

Á In Webtrekk Marketing Automation segments can be used for defining the target group.

3 Predefined segments

}



3 Predefined segments

}

111

211

311

121

221

321

131

231

331

112

212

312

122

222

322

132

232

332

113

213

313

123

223

323

133

233

333

Examplefor predefined RFM segments:

111
Flop Buyers Big Spenders

**3

111

211

311

121

221

321

131

231

331

112

212

312

122

222

322

132

232

332

113

213

313

123

223

323

133

233

333



Segments based on the RFM model (1/2)

Based on an example configuration the operating principle of the segments is described.

3 Predefined segments

}

Segment name Filtering Description basedon exampleconfiguration

Big Spenders **3 More than1,000 € revenuewas generated.

Churnedbuyers 1** The last orderwas mademorethan90 daysago.

Flop Buyers 111 The last orderwas mademorethan90 daysago. In total lessthan3 ordersweremadeand 
lessthan100 € revenuewas generated.

Frequent Buyers *3* In total morethan10 ordersweremade.

Example configuration for the RFM model



Segments based on the RFM model (2/2)

Based on an example configuration the operating principle of the segments is described.

3 Predefined segments

}

Segment name Filtering Description basedon exampleconfiguration

High Potential Buyers 313 The last orderwas madelessthan30 daysago. In total lessthan3 ordersweremadeand 
morethan1,000  € revenuewas generated.

InactiveTop Buyers 133 The last orderwas mademorethan90 daysago. In total morethan10 ordersweremadeand 
morethan1,000 € revenuewas generated.

Small Buyers 331 The last orderwas madelessthan30 daysago. In total morethan10 ordersweremadeand 
lessthan100 € revenuewas created.

Top Buyers 333 The last orderwas madelessthan30 daysago. In total morethan10 ordersweremadeand 
morethan1,000 € revenuewas created.

Example configuration for the RFM model



Segments based on the RFE model

Based on an example configuration the operating principle of the segments is described.

3 Predefined segments

}

Segment name Filtering Description basedon exampleconfiguration

Churner 1** The last visitwas mademorethan10 daysago.

Frequent Users *3* In total morethan60 visitsweremade.

Example configuration for the RFE model



To help us improve the training documentation we request an evaluation. 

Your feedback assists us with the further optimization of the training documentation.

To do so scroll down on the article page in the Support Center.

To the evaluation

Thank you for your interest in Webtrekk!

This presentation is protected by copyright. 
Any exploitation, dissemination or use without the consent of Webtrekk GmbH is prohibited!

https://support.webtrekk.com/hc/en-us/articles/115002675609?wt_mc=su.en.a6-nutzung-von-dmp-daten-zur-analyse.bewertung

